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L, KEBEHAEY = 7a—"2Ah @k T
A bR T2 FRELRET 5. FERIC KD, BF
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tETtE2z R L 7, DHEBORELE,
La—URT 497« L—ILOREE FEOLRY
IR EERTERR BB LT, ETFEOFEMNE
X LLM RO R BIBITICOWTHEES 5.
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LLM OHREE R 77—V ¥ ZHI 1] IZH W, <5
X —RE, FETHE, T —22r ORIcNEFE
HIZSE DI b TWb. ¥ A0, HICHE
IR HIE LM 23 EHREIC 2 2 D Tldz <, #Ylk
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BRaA7] 2535 20HE2HEL, v 7 E
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1) https://commoncrawl.org/
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2. HEWMED SFESEDOIIHT —&2 2 LT, FE
DOXE (Wikipedia) Z1EHI2 T2 XD D, LLM
WHEBENMEZ R RS ZXEEHNSIES
A, KO R#ERYECHEY A a7 EfE5TE
37z, PLHMYE - ARk E.
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R LTHIREFEOAMNEEIED SRV, B
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THE L. ARRTIEETE Z Wiki 93828, BE%
LLM SR L PR, W h o0 HeaR b )F n-gram
(n=2,3) ZREE L L/, fastText ¥ CPU T
WEIEL, RKEOXEFELZKa A MTUHTE2.
S8 7220 MH%813 HuggingFace L CABEY LTV 3.
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BFALLTHWRZ D S [5,9,12]. I T,
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#3739 fFRHi L, AT —&DIEflE L. %
7=, BBl Swallow 2 — RA V2 025 T ¥ B LY
YTV U E 3739 the L. Wiki 7 gR
% fastText D _{H7 AR & L CAlBR L, 1EHOTH]
R (0~1) ZXFEOHENRa7 & L.

5) https://huggingface.co/tokyotech-1lm/edu-classifier

6) https://ja.wikipedia.org/wiki/2£M D —& % & ¥ 12,
La—VURT 47 RAT2000 DA T3 ZFERL 7=,

1 Wiki DR L LLM 7 5H2s DFEE

Wiki LLM
+w b | Acc | 4-Acc RMSE MAE 2-Acc
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QA QA QA  HERE HEHEER HIEBER 2 Hiae  BeE a— R4 | swallow-evaluation | #EERIH
FEBRRE JCom. JEMHopQA NIILC JMMLU WMT20 WMT20 XL-Sum JSQuAD MGSM JHumanEval | HAGE  3E pfgen-bench
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NRA%ZHWT LLM OFERIEE 21T o 72, R—
Z LLM IZ1% Llama 3 8B [13] 2 L, Flfi+s— &
B%500fE~—2> (50BT) ¥ L7. XbFEED>
FUANEST 3728, FERIC HAGE Wikipedia
(1.69BT) Z{E¥E2 Z ¥IZL, Swallow I — %2 v2
51 4831BT ZHeh L 7=

A IE, lm-jp-eval [14] 72 & DEB DY — L %
WE - HaL swallow-evaluation?’ (Ver. 202407) %
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WRFAM U 7=, 5Tl 2 2 7 1% Swallow O B ¥ T 448
WCHWBRTWS 1010 o HAZEHE - A & 2
7 (15, 16, 17,18, 19, 20, 21, 22] ¥ 9 fF D FLZEFEfE - 4=
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SRS DIWERK L 72 pfeen-bench [32] & B AITTH W=,

8) Wikipedia 7 % & b % Common Crawl Tld72 { Wikipedia ®
Ry TP HTHDPHEHRTH 2720, Swallow I —,8R
HOBRALTVS.

9) https://github.com/swallow-1lm/swallow-evaluation
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A vl DIL—)LEEA L7356 S s g e Uiz,

K2WLCHKXR 7 OFHAiIfERZ R Lz (HARGE
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FEERRC LLM A8 D EA 10%D X EE W35
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FRICRHT 2 XA ZHINCR a7 PRELTED,
FiIcHERIB (UMMLU, pfgen-bench), QA (JCom.,
JEMHopQA, NIILC), HEER (WMT20) DD
KEWV, FRZIMMLU X 1.3 B4~ bDOHUEDR S 4.6
RA Y POMRRHELTED, BABEMNRCENE
FIAER O EIFICER T 2 Z 8 ZRIBL TV 3.

— 7T, B (XL-Sum) M (JSQuAD)
D XS RAGRE XD b HAGEOEMEE ) P EE R X
A 7R, B (MGSM) %2 — R4 (JHumanEval)
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peg it QA QA QA #HEMH HHBR HREEER 2 BGRB8 3 — FARK | swallow-evaluation || R
ETN Wiki LLM JCom. JEMHopQA NIILC JMMLU WMT20 WMT20 XL-Sum JSQuAD MGSM JHumanEval | H7%3% 33 | pfgen-bench
Llama3 (R—Z LLM) - - 0836 0.445 0400 0.456 0.220 0.209 0.176 0888 0.332 0.331 0429 0.565 0.403
Llama 3 Swallow XX 0895 0.485 0.564  0.470 0276 0.222 0.198 0895 0424 0.289 0472 0542 0.646
Llama3.l (N—=ZLLM) - - 0844 0.446 0405 0477 0.221 0.208 0.179 0896  0.356 0.327 0436 0564 0.409
Llama 3.1 Swallow v0.1 X 0912 0.509 0.601 0518 0.291 0.231 0.202 0.899  0.460 0.281 0491 0558 0.671
Llama 3.1 Swallow v0.2 O o911 0.510 0.627  0.525 0.296 0.233 0.198 0892  0.464 0.336 0499 0555 0.704

ERD R X7 HREE T TE S Z L kAT 5.
Wiki S8 € LLM RO 2 oo n M
227 FAL10% THWRZEE, SF R a 71 FKHE
Y750, Wiki 7HEIREBIERX X 7, LLM 7753
BHEREH AR 7 TORBRHIKEZ V. 2L
T, 227 B 10~30%% H\W7=355, Wiki 77 5H08
WER—=RF A % FEBFRTH o 7223, LLM 7744
I EAL 10% TCORBFEEAMZHERL, R—XF7 1
DOMERER LRl o7z, 33 HICTHERRLZED, Wiki %
FHAR X Wikipedia ¥ FHM L 7= XEOMH ZHEEL T
W37z, HEM L B3 E o HiFH AP REM:
HBHB. AL, LLM 7 HE%E & b [K#Ei7
EBTIFREINTVE 2D, TOEPIELLLEZS
N5, wZIZ, LLM 778E&GEZ F AL, Wiki 7
AR WIS H T 2 Z e AREIBITTH A 5.
Ea—UVXT1svII—ILORAE Swallow 2 —
RNRAVI DNV—=ILERHA LGS, 7HEEHEDEH
FEICE o3, ZHERMNE OMMLU) < H &EFR
(WMT20) EDRRAZDAATHRELE. D
FERIE, Swallow 2 — %R vl DL— LS Tl3 72
Wiz, FEIWCHERRLEPNIRE B XEERE
LTLEoRZERBLTWS, JL— LD
HEA, KDHENBXELHETEZL L5k
ik, KEDOEMD—>TH 5.
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BETFETREENR a7 0MEEZHRTEL, HE
HefrxhizXEDAEZHWE D, ¥HT—X
DHEIEEE 2, BEEAPLTLES. LLM D%
BI2E D 2L 0¥ T — RPDEREGE, BERA
a7 OMEEMHERF L2 TR Ry 708 %21T
SO, HEWAa7OMEE2 NF T —XE&%H
T, BREZEONS. £ IZT, Swallow 2 —
RZ V2 OEREMAY (709BT) %, LLM 77JH2RT A
a7 7 10% (93.1BT) %721 B 30% (238.6BT)
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Tz FhENTE. 2LT, ZhoDT KRy >
BT CHEET-oGE O REFENEEE
RTE0ESMEE L=, 72721, 709BT O 1%
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483IBT DHFEEE R B X DT -2 Ty b
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P2E N VB EEALZIRTE ED swallow-
evaluation D HARGE IR a7 # X 2 12”3, LLM
SEIRD R a7 BN 30% % F W8T, AR
LTR=274 % LA ERPELN, FH b —
7 VBB TEAEICBVWTHIREFENEGNTD
%, —/T, 2Aa7 EA10%D A% W55,
IRy 78D 3.15~7.62 IHHY T % 20BT LU TR
a7 D3RR FEMEANCIR T, REIIR—Z F A
V&R REo 7z 25 OFER S Muennighoff 5 [34]
DWMEEBZELT I, TRy 7P 4%B2 5 &
IBRTTH TV TIFRTERETHAS.

4.3 Llama 3.1 Swalow DB

HuggingFace - T/ & 1TV % Llama 3.1 Swallow
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Wiki 272D &, v0.2!2 LA DS DA
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I QA, HERH, BRRAX 70X a7 0lEE
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12) https://huggingface.co/tokyotech-1lm/Llama-3.
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Below is an extract from a web page. As an experienced teacher with a focus
on higher education, evaluate the educational value of the given text using the
additive 3-point scoring system described below.

#i## Evaluation Criteria

1. Highly Educational Topic (1 point):

- The extract provides objective facts or knowledge that are important for
university students to acquire a broad education and has high educational
value. It helps build a crucial foundation for academlc learning and social life
and has broad licability. For lud ledge related to
business, accounting, philosophy, everyday trivia, science, social sciences,
humanities, law, technology, health, etc.

2. Provides Deep Insights or Discussions (1 point):

- The extract consistently offers detailed information and explanations on
educational topics. It goes beyond merely handling words or concepts
superficially, providing deep insights or discussions, and thus has high
educational value.

3. Clear Expl: ion for General Audi (1 point):

- The extract provides clear and simple explanations on educational topics,
making it easy for the general public, who are not experts in the field, to
understand the content well.

### Evaluation Method

1. Evaluate the text on a 3-point scale based on the above criteria.
2. Add 1 point for each criterion met (a maximum of 3 points if all criteria are
met).

### Output Format

1. First, briefly explain the evaluation results (0 points or 1 point) for each of
the three criteria and the reasons for each.

2. Finally, state the total score in the format "Educational Score: <total
points>".

### Extract
{TEXT}

#i## Output
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